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(a) Blacklist prediction problem.

(b) Simplified network that illustrates the investigation.
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Source Date of acquisition Node types Relation types No. of nodes No.
Dow Jones Adverse Media Entity Dec 2016 Firm Location, Homepage 132,127
Dow Jones State-Owned Companies Dec 2016 State-owned firms VIP, Employee, Owner 280,995
Dow Jones Watchlist Dec 2016  VIPs, specially interested person Social relations 1,826,273
Capital IQ Company Screening Report Dec 2016 Firms Buyer-seller, borrower etc 505,789
FactSet Dec 2015 Firm, goods, industry  Parent-child firm, Issue Stock 613,422
FactShip Jan 2017 Firm, goods, invoice etc Overseas trade etc 16,137,550 3
Reuters Ownership Dec 2016 Owners, stocks Issue, own 1,560,544 12
Panama papers Jan 2017 Entities, officers Shareholder of, director of 888,630
DBpedia Apr 2016 Various Various 35,006,127 24
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Rank Relation ~ Number
1 located_in 2,723,162
2 customer 717,019

sunplier

713.434

15 domain 131,153
16 distributor 116,262
17 subsidiary 107,119
18 parent-company 107,117
19 associated-person 100,699
20 international_shipping 95,050
21 associate 72,685
22 landlord 62,904
23 http://dbpedia.org/ontology/party 55,653
24 employer 47,901
25 employee 47,184
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Region 2014 2016
Europe 59% 53%
United States 18% 22%
Canada 31% 38%
Australia/New Zealand Asia 17% 51%
Asia 1%
Japan 1% 3%
Global 30% 26%

Source: Data provided by GSIA 2014 and 2016 reports.
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